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Abstract 
MOOC is a national agenda in the institutions as it is addressed in the 

11th Malaysian Plan in the Malaysian Education Blueprint. As it is 

considering new technology for us, a research towards its acceptance is 

essential. This study observed the adoption of MOOC deployment 

among students at selected public universities. A survey method was 

conducted in this research where data were collected from 350 

respondents and then analysed using Smart PLS 3.0 version of software. 

The findings were collected using the Technology Acceptance Model. 

The result of the structural path revealed that the variables used in the 

proposed model supported the hypothesis conducted. It also shows that 

course design is significant to students use MOOC technology as a 

learning platform in teaching and learning. Contrary to the UTAUT, the 

impact of performance expectations on Behavioural Intention was 

negligible. This study would be helpful for the instructor and 

instructional designer explain the current situation of technology 

adoption of MOOC in formulating strategies to encourage the usage of 

these tools especially in the context of distance education and online 

learning. 

Keywords:   MOOC, Technology Adoption, UTAUT, Distance Education, 

Online Learning. 

1. Introduction

MOOC or formerly known as Massive Open Online 

Course are the course provided to learners in the way of 

at distance. The appearance of Massive Courses as 

culture trends in the arena of open distance education lead 

to the huge scenarios. It is an emerging trend practice in 

e-learning. As the culture of teaching and learning is 

often challenging and changing overtime, so these trends 

is a must. MOOC is a technology of e-learning that is 

open to any interested participants attended and access 

courses with materials that are normally free of charge. It 

could bring thousands of participants register for MOOC 

courses every day. Although these concepts of learning  

are still growing, it is important to inspect the technology 

adoption of MOOC especially at a higher level of 

institution. The Government of Malaysia fully promotes 

the use of MOOC and sees it as a platform for 

incorporating learning technology as a whole into lifelong 

learning. At the same time, this led to a new direction in 

teaching methodologies for undergraduate programs 

(Saha & Halder 2018). The aim of this research is to 

observe and understand the technology adoption of 

MOOC by using a Theory of Acceptance at selected 

public university. A survey method was conducted in this 

research where data were collected from 350 respondents 

and then analysed using Structural Equation Modelling 

(PLS-SEM). This study would be helpful for the 



 

 

May - June 2020 

ISSN: 0193-4120 Page No. 3146-3151 

 

 

3147 

 

Published by: The Mattingley Publishing Co., Inc. 

instructor and instructional designer enlighten the current 

situation of technology adoption of MOOC in 

formulating strategies to encourage the usage of these 

tools especially in the context of distance education and 

online learning. 

 

2. Literature Review - MOOC 

According to Fadzil et al. (2016), Online learning is an 

important component of the MOOC delivery mechanism 

to which the stated Blueprint also addresses. MOOCs in 

Malaysia are likely to see different developments in the 

next few years, as we can expect greater participation of 

higher education institutions in response to the recent 

statements by the Malaysian Government, which have 

revealed multiple national MOOC targets in the coming 

years (Gamage et al. 2015). Many believe that MOOC 

will help revolutionize pedagogy in addition to the 

obvious benefit of broader access to potentially high-

quality teaching and instructional material (Canbek 

2015). Nevertheless, an issue such as relates to the way 

how students learn and whether this tool can assist them 

in meaningful learning was in debate in fact other global 

issues. Abeer & Miri (2014) proclaimed that the  frees, 

the more diverse and the more open the MOOC is, the 

greater the potential for student learning to be constrained 

by the lack of organization, support and moderation that 

is usually typically associated with a standard course.  

If the Malaysian government and local higher education 

institutions plan to adopt MOOCs on a large scale, it will 

definitely have significant implications for the entire 

national higher education landscape, particularly if they 

are part of the delivery method in higher education 

institutions (as presently explored by public universities) 

as a means of branding and internationalization, or even 

as part of the advancement of online learning and online 

distance learning (Fadzil et al. 2016). The popularity of 

MOOCs is rapidly growing regardless of its novelty and 

age. MOOCs quickly attracted attention and attracted 

academic interest (Abu-Shanab & Musleh 2018). MOOC 

can usually be divided into two groups. cMOOC and 

xMOOC are two different MOOC types (Haron et al. 

2019). The first MOOC that has concepts developed by 

George Siemens where it has been built on the basis of 

Connectivism's learning theory (Fianu et al. 2018). 

Meanwhile the second category was xMOOCs. xMOOCs 

which is in the second category are online versions of 

traditional learning which applying a knowledge diffusion 

model using such as video recordings of lectures (Kocdar 

et al. 2017).Its look like the structure of courses at 

MOOC will fully setup by the lecturer or instructor. 

Moreover, the xMOOCs comes with a specifies syllabus 

from the instructor of recorded lectures and also self-

assessment. They also employ the original elements of 

MOOC but it affects the branded IT platforms which 

offer content distribution partnerships to institutions (Al-

Shami et al. 2018).  

 

Technology Acceptance Model – UTAUT 

Now days, theory of technology acceptance has been 

widely used to evaluate the adoption of technology. The 

famous one is the UTAUT model, which aims to describe 

acceptance of technologies, depending on eight theories 

or model acceptation of technology (Khalid et al. 2014). 

In particular, the UTAUT draws on the Theory of 

Reasoned Action (TRA), the Technology Acceptance 

Model (TAM), the Motivational Model, the Theory of 

Planned Behaviour (TPB), the combined TAM and TPB, 

the model of Personal Computer Utilization, the 

Innovation Diffusion Theory and the Social Cognitive 

Theory (Hamdan et al. 2015). Figure 1 illustrate the 

UTAUT Model. 

 

 

Figure 1: UTAUT Model (Venkatesh et al. 2003)
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The variance in the intention to use explained by the 

contributing models ranged from 17 to 53%, according to 

Venkatesh et al. (2016). Compared to any of the other 

eight models, the UTAUT model has been found to 

perform better in terms of variance in intent to use.  

 

3. Methodology 

A survey was conducted in this study where 

questionnaires has been disseminated to 350respondents. 

It took students as a sample and the survey being 

administered at Universiti Kebangsaan Malaysia (UKM). 

Since MOOC has been deployed at this universiti starting 

2014, the MOOC learning was implemented together 

with traditional lecture and combine with the online 

material. The Unified Theory of Acceptance and Use of 

Technology (UTAUT) is used in this research where a 

few variables act as independent variables and dependent 

variables(Venkatesh et al. 2016). The framework of this 

study take place as follow: 

 

 

 
Figure 2: Research Framework and Hypotheses

Table 1 below describe the main construct and variables used in the framework of these research. 

Table 1: Variables used in the Framework 

Construct/Variable Description 

Performance 

Expectancy (H1) 

 

Performance expectancy is the degree to which an individual trust that using the 

system will help him or her in the work performance. (Venkatesh et al. 2003) 

Effort Expectancy (H2) 

 

Effort expectancy is the level of convenience associated with the use of the 

system. (Venkatesh et al. 2003) 

Intention to Use (H3) It is the strength of one's intention to perform a specified behaviour. Fishbein 

and Ajzen's (1975:288) 

Facilitating Condition 

(H4) 

 

Facilitating condition is the amount to which individuals believe that 

organizational and technical infrastructure occurs to support the use of the 

system. (Venkatesh et al. 2003) 

Course Design (H5) It is the process of creating quality learning environments and experiences for 

students including instructional materials, learning activities, interaction and 

students’ ability to access information from MOOC. 

Social Influence 

(H6) 

 

Social influence is the degree to which an individual sees the significance of 

others believes he or she should practice the new system. (Venkatesh et al. 2003) 
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4. Results and Discussion 

The first step in analyse the data was to perform 

composite and reliability test. Another name of this test 

was convergent validity. By using Smart PLS software to 

perform structural equation modelling (SEM), a few 

stages have been led to analysed the construct used in the 

proposed model. This software used structural equation  

modeling because it is a second generation statistical 

method that allows researchers to analyze causal 

relationships between latent variables (Fianu et al. 

2018).Table 2 illustrated the result of composite and 

reliability statistics and the value of Cronbach’s α. Beside 

that the structural model evaluation of the research 

framework was also conducted. 

Table 2: Composite and Reliability Statistics 

Construct Number of Item Composite 

Realibility 

Cronbach’s α 

Performance Expectancy 3 0.942 0.845 

Effort Expectancy 4 0.898 0.897 

Social Influence 3 0.936 0.809 

Facilitating Condition 3 0.887 0.809 

Course Design 3 0.906 0.845 

Behavioral Intention 3 0.942 0.907 

MOOC Usage 3 0.933 0.893 

 

 

Figure 3: Measurement Model 

 

The discriminant validity test was also assessed after 

confirming the convergent validity of the construct. By 

the way, the convergent validity thumb rule stated that the 

average variance extracted (AVE) for each latent build 

must be greater than 0.5 value (Henseler et al. (2009). 

These can be seen from Table 3. Moreover, it can be  

 

 

determined that the result of measurement model is 

appropriate. Other than that, the Fornell-Larker criterion 

used to measure discriminant validity testing. It states in 

this method that each latent construct's AVE must be 

greater than the maximum squared correlations of any 

other construct. We also conclude on the basis of these, 

that the result was good. 

 

Table 3: Discriminant Validity Using Fornell-Larcker Criterion 

 

Construct AVE CD EE FC BI PE SI MU 

Course Design 0.764 0.874       

Effort Expectancy 0.688 0.653 0.830      

Facilitating Condition 0.723 0.742 0.691 0.850     

Intention To Use 0.843 0.689 0.738 0.734 0.918    

Performance Expectancy 0.843 0.600 0.777 0.630 0.685 0.918   

Social Influence 0.829 0.683 0.749 0.683 0.773 0.714 0.910  

Usage Behaviour 0.824 0.735 0.727 0.713 0.838 0.659 0.763 0.908 
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Finally, the model of structural was assessed. In this 

technique, Bootstrapping was performed to define the 

significance of each estimated path in the proposed 

model. The hypothesis testing reveals that Course Design 

was found to have a significant positive effect on Usage 

Behaviour (MOOC) where (β = 0.299, p = 0.000). 

Moreover, Effort Expectancy was found to have a 

significant effect on Intention to Use where (β = 0.192, p 

= 0.001. Facilitating Condition also was found to have a 

significant effect on Intention to Use (β = 0.298, p = 

0.000). Contrary to expectations where Performance 

Expectancy has not been shown to have a major positive 

impact on Intention to Use (β = 0.091, p = 0.086), which 

does not provide support for H5.  

Meanwhile, it has been found that social influence has 

a significant positive effect on Intention to Use (β = 

0.361, p = 0.000). Intention to use was found, as 

expected, to have a significant positive effect on usage 

behaviour (β = 0.632, p = 0.000), providing support for 

H3. The determination coefficient, R2is used to predict 

the endogenous constructions and to assess the structural 

model's explanatory strength. Overall, the proposed 

model accounted for 74.9% of the MOOC Use variance, 

and 70.1% of the Intention to Use variance (R2 of 0.701 

and 0.749 respectively). Detailed results for the structural 

model which hypothesis testing is given in Table 4. 

 

Table 4: Hypothesis Testing 

Hypothesis Path Path 

Coefficient 

(Β) 

T 

Statistics 

P Values Results 

Course Design -> Usage Behaviour 0.299 6.807 0.000 Supported 

Effort Expectancy -> Intention To Use 0.192 3.065 0.001 Supported 

Facilitating Condition -> Intention To Use 0.298 5.809 0.000 Supported 

Intention To Use -> Usage Behaviour 0.632 15.020 0.000 Supported 

Performance Expectancy -> Intention To Use 0.091 1.368 0.086 Not Supported 

Social Influence -> Intention To Use 0.361 6.167 0.000 Supported 

R square (Intention to Use) = 0.701     

R square (Usage Behaviour) = 0.749     

 

5. Conclusion 

From the authors point of view regardless of technology 

acceptance, the results of the studys how that intends to 

use MOOC is influenced by certain factors or variables 

attached to it. The study also indicated that usage 

behaviour of MOOC is influenced by course design and 

absolutely intention to use. As far as the concern, of 

course design is not yet explored in the previous study of 

the technology acceptance. Aspiringly, these could bring 

the huge impact of MOOC which is the course design 

was very important as learning in a virtual environment. 

Furthermore, a good course design conducted by the 

lecturer or instructor that being used in MOOC would be 

the factor which was very imperative in the university 

setting. Lecturer, instructor or even instructional designer 

could improve the materials, learning activities and 

enhance interaction in order students to access 

information associated with the course. Five out of the six 

hypotheses stated were supported in the research model. 

These are consistent with UTAUT, where the hypothesis 

gives the impact towards Intention to Use of MOOC 

technology. Nonetheless, the study supposed to support 

all relationships, including extended variables.  

Nevertheless, the performance expectancy was found 

to insignificant to Intention to Use where the value is (β = 

0.091, p = 0.086).This could be due to the students at this  

university strongly do not believe that using MOOC will 

help them a lot in their learning. Another reason is that  

 

 

they might have another system such as Learning 

Management System (LMS) or tools at their campus that 

being used in the e-learning process. So that they did not 

rely much in MOOC for attaining gain in their teaching 

and learning process. This finding also designates that 

contradict in line with the literature where performance 

expectancy is usually found to be the most prominent 

predictor.  

However, Social influence was found to be second in 

importance in this study. It is possibly due to individual 

believes that he or she must use a MOOC as a new 

technology. A major relationship between enabling 

conditions and behavioural purpose indicates that the 

respondent believed there was infrastructure for 

promoting their use of MOOC. Resource convenience 

such as better internet connectivity and suitable devices 

for MOOC access can be a strong motivation for potential 

MOOC users and later a deciding factor for MOOC 

adoption. Effort expectation has also been found to play 

an important role in MOOC adoption. This finding 

implies that learners expect a good degree of ease 

associated with MOOC use. The limitation of the study is 

that the research conducted at selected public university 

only. For further research it could apply to all the public 

universities in Malaysia in order to understand the 

MOOC adoption and their usage. So that a better 

improvement and solution can be proposed for the long 

term benefit of the technology used especially in the 

Industrial Revolution 4.0 era. 
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